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Abstract: This study aims to calibrate and validate the generic crop model (CROPGRO-Soybean)
and estimate the soybean yield, considering simulations with different sowing times for the
current period (1990–2013) and future climate scenario (2014–2030). The database used came
from observed data, nine climate models of CORDEX (Coordinated Regional climate Downscaling
Experiment)-Africa framework and MERRA (Modern Era Retrospective-Analysis for Research and
Applications) reanalysis. The calibration and validation data for the model were acquired in field
experiments, carried out in the 2009/2010 and 2010/2011 growing seasons in the experimental area
of the International Institute of Tropical Agriculture (IITA) in Angónia, Mozambique. The yield of
two soybean cultivars: Tgx 1740-2F and Tgx 1908-8F was evaluated in the experiments and modeled
for two distinct CO2 concentrations. Our model simulation results indicate that the fertilization effect
leads to yield gains for both cultivars, ranging from 11.4% (Tgx 1908-8F) to 15% (Tgx 1740-2Fm)
when compared to the performance of those cultivars under current CO2 atmospheric concentration.
Moreover, our results show that MERRA, the RegCM4 (Regional Climatic Model version 4) and
CNRM-CM5 (Centre National de Recherches Météorologiques – Climatic Model version 5) models
provided more accurate estimates of yield, while others models underestimate yield as compared to
observations, a fact that was demonstrated to be related to the model’s capability of reproducing the
precipitation and the surface radiation amount.
Keywords: climate change; productivity; soybean; DSSAT model; mozambique
1. Introduction
Soybean (Glycine max (L.) Merrill) is one of the most cultivated crops in the world due to its
demand in several industrial products (from oil production to paper). Due to their economic value,
soybeans have been growing under different environmental conditions, which has led to constant
technological developments [1]. The US Department of Agriculture (USDA) estimated that the world
production of soybeans in the 2015/16 growing seasons will be 317.6 million tons, which will be nearly
identical to the 2014/15 season production (318.3 million tons). The estimated soybean production in
the US is about 104.8 million tons, 97 million tons in Brazil and 57 million tons in Argentina for the
2015–2016 growing seasons [2].
These high soybean yields observed in the American continent are not seen in Africa, Europe and
Asia. In Africa, the largest areas planted with soybeans are located in Nigeria (601,000 ha), South Africa
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(150,000 ha) and Uganda (144,000 ha), which are the main soybean producers [3]. These countries
combined account for almost 77% of total soybean production in sub-Saharan Africa. However, the
production of soybeans in Africa is expected to increase from the current 1.5 million tons to 1.9 million
tons in 2020 [4]. This is an important outcome considering the soybean importance as food source,
animal feed and many industrial applications, thus the soybean crop has the potential to become an
important crop in Africa. Additionally, the soybean seed is rich in protein and oil content, which could
improve the nutritional value of the local population diet.
The Mozambique economy’s major sector is agriculture, which is responsible for about 25 percent
of the gross domestic product (GDP), despite low crop yield and productivity [5]. In 2009,
the agricultural sector employed more than 80 percent of the population in Mozambique [6].
The majority of agricultural activities (90%) are carried out by small farmers that plant crops on
an average of 1.1 hectares of land using labor intensive techniques [7]. According to [8], 32,000 tons
of grains were harvested in the 2011/2012 growing season in an area of approximately 30,000 ha by
27,000 farmers. In comparison to the 2010/2011 growing season, this represents an increase of up to
150% in grain production and a 115% increase in cultivated area. There was also an increase in average
yield from 0.92 ton/ha (2010/2011) to 1.07 tons/ha in the 2011/2012 growing season.
Climate change is likely to affect the profitability of the soybean farming system in the future in
Mozambique. Crop yield is highly dependent on meteorological variables such as temperature and
precipitation. Authors of [9] found a 1.3% decrease in the soybean yield per 1 ˝C increase in minimal
and maximal related to climate trends between 1981 and 2002. Authors of [10,11] reported an optimum
temperature of 22 ˝C for soybean and a linear reduction for temperatures higher than 30 ˝C. Authors
of [12] argued that, in addition to yield reduction, the larger climate variability, predicted for future
climate scenarios, may result in larger inter-annual variability in the crop yield due to extreme climate
events, such as dry spells and floods. On the other hand, C3 crops, such as soybeans, are expected to
benefit from the high concentration of atmospheric CO2 [13].
Changes in global climate are seen as inevitable, therefore adaptation strategies should be adopted
to minimize the negative effects of climate change on production. Crop models have been extensively
used to predict crop response to different environmental conditions. Authors of [1] evaluated the
potential for soybean cultivation in several African countries and concluded that a large part of East
Africa and the Sahel region are suitable for growing soybeans. However, the use of crop varieties
with distinct maturity time better could allow the optimization of sowing date selection to circumvent
the effects of climate change on temperature and precipitation seasonal analysis. These optimization
processes aim to select cropping periods in which the growing conditions are more favorable for the
development of soybeans. Crop growth models can be applied efficiently for this purpose.
Despite advances in African agriculture in recent years, the use of crop models for planning
agriculture activities and estimating yield is still incipient in Mozambique. Thus, this study aims to
calibrate and validate the CROPGRO-Soybean model to estimate growth, development and yield for
two soybean cultivars: Tgx 1740-2F and Tgx 1908-8F, with distinct maturity periods. In addition, we
evaluated the effect of future climate scenario on the soybean sowing date to determine which sowing
dates would lead to high yields.
2. Materials and Methods
The database used for the calibration of genetic coefficients of the CROPGRO-Soybean model
was obtained from experimental trials carried out in Angónia, Mozambique in the 2009/2010 and
2010/2011 seasons. Soil and weather data were also collected in these trials. The District of Angónia is
located in the north-northeast region of the Tete Province, central Mozambique, and it has a cultivable
area of 3277 km2 to agricultural due to its fertile soils.
In the present study, 12 sowing dates were simulated beginning on 1 August for a 40-year time
interval (1990 to 2030). Meteorological observations and global climate models output were combined
with the Decision Support System for Agrotechnology Transfer (DSSAT) [14] to identify an optimum
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sowing window for the study location of Mozambique. To do that, a detailed description of DSSAT can
be found in [15]. The CSM-CROPGRO-Soybean is part of the modular system called the DSSAT-CSM
(Decision Support System for Agrotechnology Transfer—Cropping System Model). Version 4.5 of
the DSSAT-CSM (DSSAT Foundation, Prosser, Washington, USA) was used in the present study [16].
The simulations for Tgx 1740-2F and Tgx 1908-8F cultivars for a future climate scenario were based on
the CORDEX (Coordinated Regional climate Downscaling Experiment)-Africa output, as the climate
station into DSSAT for modeling.
The CORDEX was established by the World Climate Research Program (WCRP), aiming to
develop a coordinated international framework for generating Regional Climate Model projections
(RCM). The framework of climate projection in CORDEX is based on the set of new Global Climate
Model (GCM) simulations currently published by the Intergovernmental Panel on Climate Change
(IPCC) in its fifth assessment report, referred to as the fifth Coupled Model Intercomparison Project
(CMIP5). The CORDEX uses emission scenarios (Reference Concentration Pathways—RCPs) known
as RCP 4.5 and RCP 8.5, which closely correspond to the IPCC emissions scenarios SRES (Special
Report on Emissions Scenarios) B1 and A1B, respectively. Ideally, all simulations of regional models
must cover the period of 1951–2100, to include a period of recent history, plus all of the 21st century.
Additional details about the CORDEX are given by [17].
For Africa, CORDEX delivers an unprecedented opportunity to advance the understanding of
regional climate responses to global climate change, which is crucial for climate adaptation, risk
assessment research and policy planning in the region.
2.1. Meteorological Data and Climate Characterization
The CROPGRO-Soybean model requires the following input data: daily maximum and minimum
air temperature (˝C), rainfall (mm) and solar radiation (MJ¨day´1¨m´2). The meteorological data were
provided by the National Institute of Meteorology in Chitedze-Malawi, collected in a homogeneous
climatic region close to Angónia region.
The Angónia climate is characterized by two dominant seasons: the rainy and hot season from
October to April and the dry and cool season from May to September. The total rainfall is up to
180 mm/month from December to March (Figure 1a). The air temperatures in the region are influenced
by altitude that varies from 700 m to 1655 m, with an average of 20.9 ˝C (Figure 1b, [18]).
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Figure 1. (a) average monthly rainfall and solar radiation; (b) maximum and minimum temperature
observed (1980–2010).
2.2. Soil Data
The texture class and physical and chemical analyses of the soil in the experimental area are
shown in Table 1.
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Table 1. Chemical and physical properties of the soil at the experimental site in Angónia, Tete.
Depth (cm) OC % OM % N Total %
Available P
(mg/kg)
Physical Characteristics
Texture
% Sand % Silt % Clay
05 1.25 2.2 0.009 88 27 27 46 Clay
10 1.52 2.6 0.011 90 30 27 43 Clay
15 1.40 2.4 0.012 80 27 27 46 Clay
20 1.52 2.6 0.010 85 27 30 43 Clay
25 1.74 3.0 0.011 86 43 13 44 Clay
30 1.25 2.2 0.010 83 27 30 43 Clay
OC—Organic Carbon, N—Nitrogen, OM—Organic Matter and P—Phosphorus.
2.3. Description of Field Trials
The field experiment was conducted at the International Institute of Tropical Agriculture (IITA),
Latitude 14˝32’45.1”S, Longitude 34˝11’10.79”E and 1223 m of altitude, at the Ntengo Umodzi
Agronomic Station in the years of 2009 and 2010. Two cultivars were evaluated: Tgx 1908-8F (medium
maturity) and Tgx 1740-2F (early maturity). The choice of these cultivars is justified by the fact that
both have a distinct time of physiological maturity, but the same group of maturity (8.0), so they may
shed some light on the soybean cycle length response to distinct climate conditions, including water
and thermal stresses.
The soybean sowing was performed on the same day (11 December) in 2009 and 2010 for both
cultivars in a randomized block 9 m long and 2 m wide, with four replications. The plot consisted
of four rows spaced 0.5 m with a distance between plants of 10 cm. The experiment was carried
out without fertilization, since soil chemical analysis indicated that the soil had an adequate level of
phosphorus and potassium for the soybean crop, and nitrogen is fixed by symbiosis. Therefore, the
other management practices for weeds and insect control were realized [19]. Crop parameters such as
flowering date, physiological maturity and yield have been collected during the experiment.
2.4. Parameterization and Evaluation Model
The model results have been evaluated by calculations of the agreement index (d) proposed
by [20], root mean square error (RMSE) and the percentage of deviation (PD). In order to evaluate
the effect of climate change and climate variability on the crop productivity, seven CORDEX models’
outputs have been used with spatial resolution of approximately 50 km (see Table 2) based on the
radiative forcing scenario RCP (Representative Concentration Pathways) 4.5.
The genetic coefficients have been selected [21] to be the same group that the maturing soybean
cultivars used in this study. The author determined the genetic coefficients in three cultivars, two
seasons with four sowing dates, and additionally used the GLUE (Generalized Likelihood Uncertainty
Estimation) methodology of DSSAT 4.5 to verify the estimation of genetic coefficients. The values of
the coefficients’ genetic references were set and compared with the observed values for each treatment
to verify their adjustment. The adjustment was made by increasing or decreasing the value of the
coefficient determined by the trial process until concordance between the estimated and observed
was achieved. The adjustment was initially performed for the expected flowering dates, then for the
expected date of maturity and finally for yield components (seeds per pod, pods per m2, flowers per
m2, mass pods and seeds), as recommended by [15,16].
The Representive Concentration Pathway (RCP) 4.5 is a stabilization scenario where the radiative
forcing total of 4.5 W¨m2 would be stabilized before 2100 by the use of a range of technologies and
strategies for reducing greenhouse gas emissions. The controls of the scenario and technological
options are detailed in [22]. Additional details about the simulation of land use and carbon emissions
are given by [23].
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Table 2. Climate models evaluated in this study and their attributes.
Model Center Country Reference
CanESM2 (1)
Canadian Centre for Climate Modeling and Analysis
(CCCma (2)) Canada [24]
CNRM-CM5 (3)
Centre National de Recherches Meteorologiques
(CNRM-CERFACS (4)) France [25]
EC-EARTH (5) Royal Netherlands Meteorological Institute—ICHEC (6)
The
Netherlands [26]
IPSL-CM5A-MR (7) Institute Pierre-Simon Laplace (IPSL) France [27]
MIROC5 (8)
Atmosphere and Ocean Research Institute (The University
of Tokyo), National Institute for Environmental Studies,
and Japan Agency for Marine-Earth Science and
Technology—MIROC
Japan [28]
NorESM1-M (9) Norwegian Climate Centre (NCC) Norway [29]
GFDL-ESM2M (10) NOAA (11)/Geophysical Fluid Dynamics Laboratory USA [30]
RegCM4 (12) International Centre for Theoretical Physics (ICTP) Italy [31]
MERRA (13) NCAR/UCAR (14) USA [32]
Where: (1) CanESM2: Canadian Earth System Model version 2; (2) CCCma: Canadian Centre for Climate
Modeling and Analysis; (3) CNRM-CM5: Centre National de Recherches Météorologiques—Climate Model;
(4) CERFACS: Centre Européen de Recherche et de Formation Avancée en Calcul Scientifique; (5) EC-EARTH:
a European Earth System Model, based European Centre for Medium-Range Weather Forecasts (ECWMF);
(6) ICHEC: Irish Centre for High End Computing; (7) IPSL-CM5A-MR: Institute Pierre-Simon Laplace—Climate
Model—Medium Resolution; (8) MIROC5: Model for Interdisciplinary Research on Climate; (9) NorESM1-M:
Norwegian Earth System Model; (10) GFDL-ESM2M: Geophysical Fluid Dynamics Laboratory—Earth System
Model level based using Modular Ocean Model (MOM); (11) NOAA: National Oceanic and Atmospheric
Administration; (12) RegCM4: Regional Climatic Model; (13) MERRA: Modern Era Retrospective-Analysis
for Research and Applications; (14) NCAR/UCAR: National Center for Atmospheric Research—University
Corporation for Atmospheric Research.
Model simulations were performed for the current climate (1990–2013) and future scenario
(2014–2030). To evaluate the effect of CO2 fertilization, simulations under future weather conditions
were performed with fixed value of CO2 concentrations equal to 380 ppm and 500 ppm. Following [33],
we assumed that technology, management practices and stress tolerance will remain the same in the
future as in the present day. This is a limitation of this study, but there is no clear methodology in the
literature on technological advances to be included in the model simulations. Authors of [34] have
proposed a linear factor associated to the increase in observed productivity for Southern Brazil, but
this cannot be applied here because there are no studies on the rate of evolution of technology as well
as a hierarchy of menu adoption of technologies that establish a linear factor that can be used for our
study location.
2.5. Yield Percentage Change and Determining the Seeding Window
The calculation of the percentage of change in the average yield was calculated as follows:
Vsp%q “ YFs
YAs
ˆ 100´ 100 (1)
where Vs (%) is the percentage of change of the average yield for the sowing time yield s stands for
a specific date, YFs is the average future yield for sowing s and YAs is the current average yield for
sowing s.
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3. Results and Discussion
3.1. Calibration and Evaluation of CROPGRO-Soybean Model
The genetic coefficients of both cultivars based on the field work, soil, and climate conditions
of Angónia obtained from the experimental data in the 2009/2010 and 2010/2011 seasons (Table 3).
The CROPGRO-Soybean model [10,11] has been tested and used for a wide variety of soybean cultivars
and environmental conditions in previous studies, which demonstrated the ability of this model to
capture the variability of important physiological processes [35–38]. Nevertheless, the lack of accurate
experimental data may result in discrepancies between the model and observations.
Table 3. Genetic coefficients used for the CROPGRO-Soybean model, calibrated for cultivars planted
in Angónia, Tete, in 2009/2010 grown season.
Genetic Coefficients Unit
Cultivar
Tgx 1740-2F Tgx 1908-8F
CSDL (1) Hours 12.33 12.25
PPSEN (2) 1/h 0.320 0.330
EM-FL (3) Photothermal Days 31.9 39.0
FL-SH (4) Photothermal Days 10.0 9.20
FL-SD (5) Photothermal Days 15.9 16.9
SD-PM (6) Photothermal Days 37.60 37.20
FL-LF (7) Photothermal Days 19.00 18.00
LFMAX (8) Rate 1.000 1.030
SLVAR (9) cm2 355.0 375.0
SIZLF (10) cm2 170.0 190.0
XFRT (11) Proportion 1.000 1.000
WTPSD (12) Grams 0.170 0.158
SFDUR (13) Photothermal Days 24.0 21.5
SDPDV (14) Photothermal Days 2.00 1.90
PODUR (15) Photothermal Days 10.80 10.40
CROPGRO-Soybean = Crop Model to Soybean culture of the Decision Support System for Agrotechnology
Transfer (DSSAT). Where: (1) CSDL: Critical Short Day Length below which reproductive development
progresses with no daylength effect (for shortday plants) (hour); (2) PPSEN: Slope of the relative response
of development to photoperiod with time (positive for shortday plants) (1/h); (3) EM-FL: Time between plant
emergence and flower appearance (R1) (photothermal days); (4) FL-SH: Time between first flower and first pod
(R3) (photothermal days); (5) FL-SD: Time between first flower and first seed (R5) (photothermal days); (6) SD-PM:
Time between first seed (R5) and physiological maturity (R7) (photothermal days); (7) FL-LF: Time between
first flower (R1) and end of leaf expansion (photothermal days); (8) LFMAX: Maximum leaf photosynthesis
rate at 30 ˝C, 350 vpm CO2, and high light (mg CO2/m2-s); (9) SLAVR: Specific leaf area of cultivar under
standard growth conditions (cm2/g); (10) SIZLF: Maximum size of full leaf (three leaflets) (cm2); (11) XFRT:
Maximum fraction of daily growth that is partitioned to seed + shell; (12) WTPSD: Maximum weight per seed (g);
(13) SFDUR: Seed filling duration for pod cohort at standard growth conditions (photothermal days); (14) SDPDV:
Average seed per pod under standard growing conditions; (15) PODUR: Time required for cultivar to reach final
pod load under optimal conditions (photothermal days).
Table 4 shows the statistics of the CROPGRO-Soybean results and the field experimental data.
The agreement indices (d) were 0.96 (TGx 1740-2F) and 0.99 (Tgx 1908-8F), demonstrating that the
model was able to reproduce the observed values.
For the validation of the modeled data, the agreement indices ranged from 0.68 to Tgx 1740-2F and
0.71 for Tgx 1908-8F, with RMSE from 11.48% to 31.13% for Tgx 1740-2F and Tgx 1908-8F, respectively.
Differences between model simulations of 2010/2011 and the field trial are associated with DSSAT
modeled genetic coefficients obtained during the 2009/2010 calibration. In some modeling experiments,
the factors that can substantially affect performance are accounted for accurately. However, in other
field trials, not all parameters needed for a better model simulation are available, hampering a good
performance. Indeed, few parameters have been measured during the 2010/2011 field experiments as
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compared to the 2009/2010 season, leading to limitation for simulating the dry spells response during
the grain filing period in 2010/2011, in particular for Tgx 1908-8F cultivar (Table 4).
Table 4. Average values of observed and simulated yields by the CROPGRO-Soybean model for Tgx
1740-2F and Tgx 1908-8F soybean cultivars for the 2009/2010 and 2010/2011 seasons in Angónia, Tete
Province, Mozambique.
Cultivar Variables Season Observed Simulated PD % RMSE % d
Tgx 1740-2F
(earry cycle)
Yield (kg¨ha´1) 09/10 4255 4090 ´3.88
11.48 0.68Yield (kg¨ha´1) 10/11 3199 3781 18.19
Tgx 1908-8F
(mid cycle)
Yield (kg¨ha´1) 09/10 4440 4298 ´3.20
31.13 0.71Yield (kg¨ha´1) 10/11 2061 3485 69.09
PD—Percentage of deviation, RMSE—Root mean square error and d—agreement index.
Table 5 shows that simulated and observed number of days from emergence to flowering were
similar for both soybean cultivars. The estimated occurrence date of different phenological stages
is a very important parameter for planning agricultural activities, while the adjusted genetic factors
are essential in simulating the growth and development of soybean, and to compare of observed and
simulated yield.
Table 5. Average values of observed and simulated yields with CSM-CROPGRO-Soybean for
Tgx 1740-2F and Tgx 1908-8F cultivars—sown in the harvest of 2009/2010 in Angónia, Tete
Province, Mozambique.
Cultivate Variables Unit Observed Simulated PD (%) d
Tgx 1740-2F
(early cycle)
Flowering Days 51 48
´3.88 0.96Maturation Days 110 112
Yield kg¨ha´1 4255 4090
Tgx 1908-8F
(mid-cycle)
Flowering Days 63 62
´3.20 0.99Maturation Days 129 132
Yield kg¨ha´1 4440 4298
PD—Percentage of Deviation and d—agreement index.
In the following work, an evaluation is presented based on additional datasets, namely MERRA
reanalysis, CORDEX-Africa, and climate data observations to assess the reliability of these datasets to
simulate the current local climate, as well as the related crop yield.
Figure 2 shows that the highest temperature value (30 ˝C) occurs in October/November,
(Figure 2a). The coldest months are June and July, with average temperatures of 9.5 ˝C and 9.2 ˝C,
respectively. Figure 2b shows the distribution of monthly precipitation in the 1980–2010 period. During
the dry season, the rainfall was close to zero, while the highest value of 236 mm was recorded in January.
This clearly demonstrates a strong seasonal dynamic that is characteristic of subtropical latitudes.
This region has a wide variation in annual rainfall of 725 mm to 1149 mm, with 90% occurring
from late November to early April. The highest average values of solar radiation occurred in October
and the lowest were observed in May. The MERRA and RegCM4 exhibited the smallest differences
as compared to observations. The CORDEX simulations are also in agreement with observations
considering the seasonal cycle and values of temperature, precipitation and radiation. Thus, they
can be used to simulate initial conditions for driving the DSSAT model to evaluate the climate-crop
yield relation.
The lowest average yield occurred for the 29 December sowing date (Figure 3a,b). Increased
precipitation is associated with cloudier atmosphere and subsequently weaker direct incoming solar
radiation that provides the most energy absorbed by the plants. Results from MERRA reanalysis,
our own observations, and based CORDEX- Africa simulations (Figure 3a,b), show a sharp drop in
yield due to a reduction in solar radiation. It was also noted that, over the sowing dates, the use of
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DSSAT forced with a MERRA dataset demonstrated reasonable estimates of yield. For all datasets, Tgx
1740-2F (early maturity crop) delivers higher values of yield in relation to medium maturity cultivar
Tgx 1908-8F (Figure 3a,b).
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Figure 2. (a) monthly maximum and minimum average temperatures and (b) monthly averaged
precipitation and solar radiation in Angónia, Mozambique, for the period 1980–2010 for CORDEX
models, MERRA reanalysis, and observations, and for 1990–2010 estimated by the RegCM4.
Based on the results from Figure 2a,b, the best sowing conditions occurred after 1 November
due the favorable climatic conditions, i.e., the beginning of the rainy season and the occurrence
of temperature and regimes favorable to crop germination, growth and development, consequently,
to achieve elevated yield (Figure 4) with minor risk of failure by sowing in October due to the variability
of rainfall observed in this month. The simulated yields for Tgx 1740-2F and Tgx 1908-8F cultivars are
shown in Table 6.
Climate 2016, 4, 31 9 of 14
Climate 2016, 4, 31 9 of 14 
 
Table 6. Simulated average yield productivity values, for Tgx 1740-2F and Tgx 1908-8F cultivars in 
the 1980–2010 to the CORDEX model, MERRA reanalysis and observed data. 
Meteorological Data 
Yield Productivity (kg·ha−1) 
Tgx 1740-2F Tgx 1908-8F 
Observed 3076 2745 
MERRA (1) 2673 2306 
RegCM4 (2) 2249 1733 
CNRM-CM5 (3) 1858 1469 
IPSL-CM5A-MR (4) 1404 1089 
EC-EARTH (5) 1305 663 
NorESM1-M (6) 1296 993 
GFDL-ESM2M (7) 1154 855 
CanESM2 (8) 1073 657 
MIROC5 (9) 1041 806 
Where: (1) MERRA: Modern Era Retrospective-Analysis for Research and Applications; (2) RegCM4: Regional 
Climatic Model; (3) CNRM-CM5: Centre National de Recherches Météorologiques—Climate Model; (4) IPSL-CM5A-
MR: Institute Pierre-Simon Laplace—Climate Model- Medium Resolution; (5) EC-EARTH: a European Earth 
System Model, based European Centre for Medium-Range Weather Forecasts (ECWMF); (6) NorESM1-M: 
Norwegian Earth System Model; (7) GFDL-ESM2M: Geophysical Fluid Dynamics Laboratory—Earth System Model 
level based using Modular Ocean Model (MOM); (8) CanESM2: Canadian Earth System Model version 2; (9) 
MIROC5: Model for Interdisciplinary Research on Climate. 
 
 
Figure 3. Simulated yield productivity values, (a) for Tgx 1740-2F and (b) Tgx 1908-8F cultivars in the 
period 1980–2010 for CORDEX models, MERRA reanalysis, observations and for 1990–2010 estimated 
by the RegCM4 (Regional Climate Model). 
Figure 3. Simulated yield productivity values, (a) for Tgx 1740-2F and (b) Tgx 1908-8F cultivars in the
period 1980–2010 for CORDEX models, MERRA reanalysis, observations and for 1990–2010 estimated
by the RegCM4 (Regional Climate Model).
Table 6. Simulated average yield productivity values, for Tgx 1740-2F and Tgx 1908-8F cultivars in the
1980–2010 to the CORDEX model, MERRA reanalysis and observed data.
Meteorological Data
Yield Productivity (kg¨ha´1)
Tgx 1740-2F Tgx 1908-8F
Observed 3076 2745
MERRA (1) 2673 2306
RegCM4 (2) 2249 1733
CNRM-CM5 (3) 1858 1469
IPSL-CM5A-MR (4) 1404 1089
EC-EARTH (5) 1305 663
NorESM1-M (6) 1296 993
GFDL-ESM2M (7) 1154 855
CanESM2 (8) 1073 657
MIROC5 (9) 1041 806
Where: (1) MERRA: Modern Era Retrospective-Analysis for Research and Applications; (2) RegCM4:
Regional Climatic Model; (3) CNRM-CM5: Centre National de Recherches Météorologiques—Climate Model;
(4) IPSL-CM5A-MR: Institute Pierre-Simon Laplace—Climate Model- Medium Resolution; (5) EC-EARTH:
a European Earth System Model, based European Centre for Medium-Range Weather Forecasts (ECWMF);
(6) NorESM1-M: Norwegian Earth System Model; (7) GFDL-ESM2M: Geophysical Fluid Dynamics
Laboratory—Earth System Model level based using Modular Ocean Model (MOM); (8) CanESM2: Canadian
Earth System Model version 2; (9) MIROC5: Model for Interdisciplinary Research on Climate.
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Figure 4. Ensemble average val es yield for soybean cultivars: Tgx 1740-2F to Angónia, (climatic
estimated data RegCM4, Ca 2, CNRM-CM5, EC-EARTH, IPSL-CM5A-MR, MIROC5, NorESM1-M
and GFDL-ESM2M): (a) in the period from 1990 to 2013, (b) in the period from 2014–2030 (380 ppm
CO2), (c) in the period from 2014–2030 (500 ppm CO2).
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Our results show that the RegCM4 and CNRM-CM5 models provided more accurate estimates of
yield, while other models underestimate yield when compared to observations (Table 7). All models
and MERRA underestimated the observed yield. It should be noted that the yield based on CORDEX
results is not directly related to an individual forcing such as monthly changes in radiation or
temperature. RegCM4 shows lower values of radiation but displays very reasonable simulated
yield. We hypothesize that the modeled soybean response to simulated climate scenarios is closely
related to the capability of the climate model to reproduce the daily variability of meteorological
parameters, as opposed to representing accurately the monthly climatology.
Table 7. Statistical parameters for the relationship between observed and modeled soybean yield using
Tgx 1740-2F and Tgx 1908-8F RegCM4 data 1990–2010, MERRA 1980–2010, CORDEX-Africa 1980–2010
and the meteorological observed dates of 1980–2010 used to compared with the models.
Model
Tgx 1740-2F Tgx 1908-8F
MB a
(kg¨ha´1)
RMSE b
(kg¨ha´1) d
c r2 d
MB a
(kg¨ha´1)
RMSE b
(kg¨ha´1) d
c r2 d
MERRA ´410.7 411.1 0.82 0.99 ´473.1 474.3 0.81 0.99
RegCM4 ´867.3 867.8 0.76 0.99 ´1050.9 1051.8 0.74 0.99
CanESM2 ´2004.9 2005.3 0.71 0.99 ´1949.6 1953.1 0.72 0.99
CNRM-CM5 ´1226.8 1227.2 0.73 0.99 ´1283.4 1283.5 0.74 0.99
EC-EARTH ´1825.8 1826.3 0.71 0.98 ´2031 2031.5 0.71 0.95
IPSL-CM5-MR ´1605.2 1606.7 0.72 0.99 ´1501.4 1506.7 0.73 0.99
MIROC5 ´1951.3 1953.6 0.71 0.99 ´1796.9 1800.8 0.72 0.99
NorESM1-M ´1736.9 1738 0.72 0.99 ´1630.2 1633.5 0.72 0.99
GFDL-ESM2M ´1821.7 1824.3 0.71 0.99 ´1738.8 1743.4 0.72 0.99
a Average bias; b Root mean square error; c Agreement index; d Coefficient of determination. For the best
efficiency in the simulation of observed data, these models were used in future simulations (submitted
in response).
3.2. Impact of Climate Change on Soybean Yields
In this section, we evaluated the potential influence of climate change on the yield of the cultivars
TGX 1740-2F and TGX 1908-8F in Angónia. These simulations have been performed under two
CO2 concentrations, 380 ppm and 500 ppm CO2 (2014–2030), under 12 different sowing dates for
both cultivars.
For all simulations (Figure 4), the highest yield in descending order was predicted by
RegCM4, CNRM-CM5, CanESM2, IPSL-CM5A-MR, MIROC5, NorESM1-M, GFDL-ESM2M and
EC-EARTH. Some models may allow earlier sowing in May such as CNRM-CM5, CanESM2 and
IPSL-CM5A-MR. For present day conditions, the RegCM4 and MERRA simulated higher yield between
October–December, and lower values are predicted by other CORDEX model results (Figure 4a).
Drastic changes for both cultivars were not simulated when future climate conditions are implemented
for both 380 and 500 ppm of CO2 concentration (Figure 4b,c). For brevity, we only show the cultivar Tgx
1740_2F. In fact, this may indicate that the increase in CO2 by 120 ppm under distinct climate forcing
such as the RCP 4.5 does not result in non-linearities able to compromise the soybean productivity.
Instead, it may induce increased yield as shown by [12] overcoming the weather factor.
Considering the sowing date (October–January) for the future period (Figure 4b,c and Table 8),
the models indicated an increase in soybean productivity that is dependent on the CO2 concentration.
This has also been found by [39]. The CanESM2 shows, however, a reduction of 5% if the predicted
future CO2 concentration (500 ppm) is not taken into account. The highest productivity is predicted by
RegCM4, CNRM-CM5 and CanESM2. In general, by comparing both cultivars, we concluded that the
Tgx 1908-8F is more sensitive to climate and CO2 concentration changes showing higher increase in
soybean yield. It is also interesting to note the high fluctuation among the models. Similar results for
yield increase were found by [40,41].
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Table 8. Percentage change in productivity of the cultivar Tgx 1740-2F and Tgx 1908-8F for the
2014–2030 period compared to 1990–2013.
Model
Tgx 1740-2F Vs (%) Tgx 1908-8F Vs (%)
380 ppm 500 ppm 380 ppm 500 ppm
CanESM2 ´5 2 ´7 1
CNRM-CM5 10 16 19 28
EC-EARTH 10 15 16 23
IPSL-CM5A-MR ´3 4 ´4 4
MIROC5 4 12 4 13
NorESM1-M 4 11 4 14
GFDL-ESM2M 8 16 10 19
RegCM4 6 15 10 20
4. Conclusions
Based on CROPGRO-Soybean modeling experiments, we have been able to simulate the impact
of climate conditions on soybean yield in Mozambique. Several data were utilized in these simulations
including climate model output and observations. Two soybean varieties were simulated from field
trial experiments to allow for calibration and validation of the crop model in order to assure its
reliability to predict future soybean yield.
The CROPGRO-Soybean simulations have shown distinct sensitivity of the genetic coefficients
related to each of the two cultivars Tgx 1740-2F and Tgx 1908-8F. The yield increases due to increased
atmospheric CO2 concentration predicted to occur in the future. In addition, higher temperature
also favors higher yield as compared to current conditions. Our results indicate that Mozambique
may experience gains for Tgx 1740-2F (500ppm) as high as 15.3% in the future, while for the cultivar
Tgx 1908-8F (500 ppm), increases may be 11.4%. However, these increases will depend on daily
meteorological variability, which greatly affects the production of biomass and grain production and,
consequently, the crop yield.
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